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1. Background
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Traditional single-model query-based image retrieval system cannot well deliver the 
user’s sophisticated search intention. Composed image retrieval (CIR) allows users 
using the multimodal query to express the search intentions more flexibly.

• Extending the retrieval 
paradigm of the image 
retrieval systems.

• Enhancing the interaction 
ability of the retrieval system.

• Commercial product search.

• Interactive intelligent robot.
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1. Background
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Multimodal fusion Metric learning

The key to CIR lies in two key points:
(1) Multimodal fusion for accurately capturing the user’s search intention;
(2) Metric learning for accurately ranking the candidate images.

 Composed Image Retrieval (CIR)
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2. Motivation
• On multimodal fusion: Existing methods ignore the intrinsic conflicting 

relationship between the multimodal query.  

Leverage the target-query relationship to model the conflicting relationship
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2. Motivation
• On metric learning: The widely-used batch-based classification loss can affect 

the metric learning process.  

Leverage the target visual similarity to promote the metric learning
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3. Framework
 Target-Guided Composed Image Retrieval network (TG-CIR)
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3. Framework
 Target-Guided Composed Image Retrieval network (TG-CIR)
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3. Framework
 Target-Guided Composed Image Retrieval network (TG-CIR)
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3. Framework
 Target-Guided Composed Image Retrieval network (TG-CIR)
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4. Experiment
 Performance comparison on FashionIQ and Shoes
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4. Experiment
 Performance comparison on CIRR
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4. Experiment
 Ablation study
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5. Conclusion

1. We propose a target-query relationship-guided multimodal query 
composition module with the “keep-and-replace” paradigm. 

2. We propose a batch-based target similarity-guided matching degree 
regularization that can improve the performance of metric learning for CIR.

3. We propose an attribute feature extraction module, which can extract unified 
attribute features of the three elements of the CIR task from both local and global 
perspectives, to facilitate the conflicting relationship modeling
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Thanks for your listening! 

Codes are available!
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